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Deep Learning for Localization

Microscopy 1in 2D and 3D
Acc. Chem. Res. 2026, 59, 2450-2461
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Self-Driving scanning Probe Microscopy
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Manipulation Acc. Chem. Res. 2026, 59, 2635
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Disparate privacy risks from medical Al

Nature 656 (2026)192
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To prevent privacy harm, we recommend
that vulnerable models be protected by
verifiable risk mitigation strategies

and/or strict access controls.
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